Melissa Chapman?, Marcus Lapeyrolerie!, Caleb Scoville, Razvan Amironesei, Carl Boettiger?
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& Data

classification
and collection

A rapid increase in the quantity of environmental
data (and finer spatial/temporal resolution that
data) has necessitated more efficient and
automated data classification workflows.

@Decision-making Algorithms allow for integration of real time data
and decision into decision support tools and, increasingly,
support decision-making tools.
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Can AI help us make better
conservation decisions?
3 2 -
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Reinforcement Learning

518

action

oo L
1) selecting actions in an uncertain and
changing environment

2) does not require massive amounts of
representative sampled historical data

3) can easily integrate with existing
ecological models and simulations
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: , P Case examples: Can reinforcement learning help us
‘.i.'* ,. ‘ de5|gn dynamic marme refres changlng cllmate?
i “ . 74 ] e
' '\\ ' Methods and theory: What conservation guestions are
‘/“ B most suitable for RL? What RL algorithms are most
: effective at solving different conservation problems?
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Can AI help us make better
conservation decisions? better for whom?
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Data disparities
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7 in the use of algorithms for high seas conservation. One Earth.
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& Data Power in algorithmic

classification .
and COilection conservation
&‘I&Decision-making Distributive Constitutive
and decision
SUREBHL Who pays the costs Who frames the
for conservation? questions we ask?
O Who receives the Who decides on the
[ & benefits? methods we use?
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Is there an equitable path forward?



Stage of prioritization Potential equity

process interventions
.“3 Funding, team assembly, Procedural iustice
u and project development ’ ]
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Data collection and
& aggregation; objective ' Integration with conservation
\

function and algorithm social science methods
design
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Assessment of Distribution equity
Q algorithmic solutions " assessments
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in the use of algorithms for high seas conservation. One Earth.
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Don’t hesitate to reach out!
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UC Berkeley
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Algorithmic Fairness
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and Opacity Group
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